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B AN Jdyd B9 PyTorch(Adam Paszke, Sam Gross, Soumith Chintala, Gregory Chanan, Edward
Yang, Zachary DeVito, Zeming Lin, Alban Desmaison, Luca Antiga, and Adam Lerer. Automatic
differentiation in Pylorch. In Proceedings of the NIPS 2017 Autodiff Workshop: The Future of Gradient-
based Machine Learning Software and Techniques, pages 1-4, 2017 FF)E FAFHJL, Adam
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(epoch) &9t 0.00019] 8h<5E (learning rate)® Adam 3E]vlo] A (Diederik P. Kingma and Jimmy Ba. Adam: a
method for stochastic optimization. In Proceedings of the 3rd International Conference on Learning
Representations, pages 1-15, 2015 Z)E AF&3te] st&EHATE. v x| (batch) 7]+ 320|t). $& Hx+=
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FATt.

r J
o

|

=
R
o

|
o

5

P
=

k-NN Random forest ChebNet GNN only = gy
Accuracy  48.50% 51.34% 65.27% 44.70% 91.23%

K

[H

ot
Job o
o,

S
rlr o
T
b e
i
o

woanie] o AAde] we | g we @ AREAd oW Wy 27
3 /MY = Folo] AP )& W B At} k-NN(k-nearest neighbor)
# 2~ E (Random Forest)E X33 HAEAQ BF7], 2l X7} AF Alo]le E8& Ago s
Mo AERIIZE EFo R AFEE & ChebNet 7IRF ¥ (Soobeom Jang, Seong-Fun Moon, and Jong-
Seok Lee. EEG-based video identification using graph signal modeling and graph convolutional neural

o
s

£ L

i

K

network. In Proceedings of the 2018 IEEE International Conference on Acoustics, Speech and Signal

Processing, pages 3066-3070, 2018 &Z)E& EIAESIFTE. E3F, 4 AAdod we o g ZdoA Tg=

TE FES AT ZA(E 104 "GW only"® BAIFHE HZESGT. 3 125H 2 o A Ao

He 9 o 2] de wnd Ao 4 Holurh: Aol Waks selHr. & wrel

ChebNet 7IRF W BT Aol Hojupw | o]z dHoly T4l = 3 75 FEo] a4 o]
e +

o, w2 Ewe) | Y oM Iz FE5E AEfEU(S, "GN only"e A-) Aol AA AstH
= ASBRH, 2 271 EEG vloly REHd Tasiths AS setd & v
[ 2]
#Layers (/)  1+skip 2 2+skip 3 3+skip
STO 69.28% 73.98% 76.03% 86.86%  86.65%
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Algorithm 1 Computing graph dissimilarity

Input: Dist(-,-). W, € RE*IE] Winy € RE*IE]

Output: D*, P*
1: M = GetPerm(1, ..., K)
PP (1,...K).D" >
: for Pin A do
: W , < Permute (Wny, P)

D[: Dist (II" II'(,,))

(m)”

if D < D* then
D*« D
P*« P

end if

. end for
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> Make a set of permutations in the lexicographic order
> Initial permutation and distance

> Pick a permutation of (1, .... i)

> Permute the graph layers in W, with P
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