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g A7 B W 9 A s #0d 5 dnh.

ER, 2 owge 239 ) 7d EQLE S NG90l MAE By gr) Ggel A A2 Jug mes
B U Bo B 990) AN A W Jug velgons By 4] $do Sws 43

A, B oame 32 30sly] 98] AMEE HolH AEE o F 6/ERE 1d YR 4d7H FFH I
11,8372] £glo]x oju|xjolar, oju|x|e] A 7+A3} LElo]~ FAE 0.67 WA 0.98 mm 2 2.5 WA 3.27 mm

T 5914, (a)& 9 oA (Original image), (b)& F4 WS 1#ste] 2atd 28 UEHAE ol &% &
s A3} (Renal parenchyma segmentation using 2D segmentation network considering axial plane), (c)&
2.5D #3 YEYAE o]8&3s B3 A (Renal parenchyma segmentation using 2.5D segmentation network
considering axial, coronal, and sagittal planes), (d)+ ¥ 2we] & wo] Hgx &3 A3} (Proposed
renal parenchyma segmentation combining 2D and 3D segmentation networks), (e)¥x Z}z}o] ®3 Ay} A&
F A M (3D color map showing the error distance difference between the proposed segmentation network
result and ground-truth)o]th. %= 5ellA] &e1gh upel o] E wbwe] 3 Whio] A8% (d)7} 27| dlolH
1 WA 4ellA B S 7 W8et £ 2gh.

T 6AA AZAY HIE 9 WHE 28 AnE tholA GAMISF(Dice similarity coefficient, DSC), W7+
T (Sensitivity, Sens), %A d=X(PPV)E 32 28 Ea) A4tete] vl wstgict.

[45h42]
2TP
2T P+ FP+FN

DSC =

TP
TP+FN

Sensitivity =

, TP(True Positive)¥ F% E33s A7) gGAoA A% EdHE g &2 715, TN(True Negative):=
A AT BIH A e Ao g4 4, FP(False Positive)® % &
g9l 8 74, FN(False Negative): % 233 F7] o

d= 5o, WH AE= 2D network with axial plane©]il, " BE 2D network with coronal planeo]ir, W C
= 2D network with sagittal planeo]a, "} D¥ 2.5D networko]i, ¥ Ex 2 o] 2 wHel 2.5D
network + 3D networke]T}.

2 uHel W Eo] DSCE 7} F WIS 1 2D MladlHeld WES Y 8 WyEY 19.27 %, 6.61 %,
%

36.71 %, 2.32 %, 25.95 %, 4.30 %, 35.88 % % 0.58 % 27 & 98.00 % ¥ 97.17 %o] Hr}. o] Qo x =Y
Ee 97 xe A4 dSAdME o2 WHERT A" $X5 Hola Qu}. ol E whye] wiylo] <l

[e5

] 5)
B = R
717 FES Fola 3D Uneto=2 o3 ARE udshy] "ol & WHERY AR ARES 47 wie]
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2D U-net
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2D FCN(fully convolutional network)
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[0072]

o))

E ol

AZEY Y BEZ THIEAY,

§ A

9]

g]

ROM),

RESE N

=

Programmable
!

o]

TA

=

EPROM(Erasable

Memory) ,
Z#A] w22 (Flash Memory),
P4 A o}

3L

Access  Memory), ROM(Read  Only
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EEPROM(Electrically Erasable Programmable ROM),

rze 49

RAM(Random
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EH6
Method A Method B Method C Method D Method E
Left 78.73+4.03 91.39+3.47 61.29+2.71 95.68+2.44 98.00£0.63
DSC
Right ~ 71.22+7.96 92.87+3.13 66.82+2.06 96.56+1.27 97.17£0.70
Left 97.73+1.24 93.90+5.95 94.45+3 91 96.17+3.58 98.22+0.95
Sens.
Right ~ 95.36+173 95.66+0.66 97.12+0.75 96.96+0.75 96.93+0.84
Left 65.41+587 89.54+591 4540+2 47 95.24+1.47 97.77+0.34
PPV
Right ~ 57.54+957 90.42+5.70 50.97+2.36 96.17+1.79 97.41£0.59
EH7

RPN 1 year RPN 2 years RPN 3 years RPN 4 years

Parenchymal volume analysis
Contralateral kidney. median
Parenchymal volume (mms)

with the % change . e o i
Renal function analysis

Postoperative eGFR (mL/min/1.73m?) 77.24 77.50 78.00 78.25

with the % change (4.36%) (7.80%) (9.53%) (9.91%)
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