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g 64 128 128+256 128 ¢
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£ 128 256 256+512 256 O
(T ] —CT—_— TP
0 ,256 0 —concat
[ 1 7 > conv(+BN)+RelLu
£ concat
{} up—conv
» conv
=56
VOE DSC sensitivity specificity accuracy
2D-Axial (A) 0.168£0.049 0.908£0.030 0.979£0.019 0.958£0.015 0.962£0.012
2D-Coronal (C) 0.231+0.040 0.869+0.026 0.854+0.030 0.974+0.010 0.951+0.009
2D-Sagittal (S) 0217£0.041 0.878+0.026 0.867£0.023 0.975£0.010 0.954+0.009
2.5D-A+C+S 0.160:0.047 0.912:0.019 0.984:0.019 0.959£0.015 0.964+0.011
i . 0.189£0.049 0.895£0.031 0.906+0.038 0.972£0.012 0.960+0.010
w/o shape-enhanced prior
s 0.107£0.034 0.943£0020 0950£0.029 0.983+0.010 0.978+0.007

w/ shape-enhanced prior

(VOE: Volumetric overlap error. DSC: Dice similarity coefficient)
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